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Executive Summary

Brands today are swimming in social data but starving for social intelligence. Most
organizations monitor mentions, track sentiment, and count keyword frequencies across
platforms like X, Instagram, and Reddit—but these metrics only describe the surface of
conversations. They tell you what people are saying, but not who is saying it, how
influential those voices are, or where a narrative is headed. In fast-moving digital
environments, surface-level metrics are not enough to protect or grow a brand.

The questions that matter most to brand strategy rarely get answered by conventional
social listening. Who are the most influential voices in brand-related conversations?
Follower count alone does not reflect actual engagement dynamics among users. Which
communities are driving narratives, and which are simply echoing them? How does a story
migrate from a niche Reddit thread to mainstream discourse on X or Instagram? And
beneath all of this, what concepts are truly central to how consumers define your brand,
versus which associations remain peripheral and weakly connected to core identity?

Traditional social listening can't answer these questions because it treats each post as an
isolated data point. In reality, meaning emerges within social contexts. Users carry
different levels of influence within community discourse, and conversations follow
structural patterns that determine whether a narrative fades quietly or catches fire.
Ignoring these dynamics means making brand decisions based on an incomplete picture.

HDI's approach closes this gap by combining social network analysis with an
anthropological lens. We map the relationships between users, identify the voices that
carry real influence, and analyze how brand meaning forms and spreads within and across
online communities at scale. This white paper details how HDI's methodology works and
demonstrates how network-based social listening generates insights that inform high-
stakes brand decisions—from identifying the right influencer partnerships to
understanding how to frame messages for specific communities.


https://www.linkedin.com/in/michaelroberthaupt/
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Improving Social Listening with a Network Approach

HDI uses two complementary network methodologies that reveal strategic insights often
overlooked by traditional social listening approaches:

Social Network Analysis examines communication between online users—who
mentions whom, who responds to whom, and whose content gets shared. This
reveals influence patterns, community organization, and information flow dynamics
that determine how brand narratives spread and which voices shape perception.

Semantic Network Analysis examines relationships between concepts (i.e.,
words) in brand discourse—which words appear together, how ideas connect, what
associative structures characterize brand meaning. This reveals the cognitive
architecture of brand perception and how brand meaning is organized in consumer
minds.

Standard social listening approaches provide brand mentions counts, calculate sentiment
ratios, and identify basic themes within a conversation. These capabilities have value;
knowing whether brand mentions are increasing and whether sentiment trends positive or
negative provides useful monitoring. However, traditional approaches share fundamental
limitations that constrain strategic utility. This section will outline the limitations of
traditional social listening metrics while the next will show how network analyses can
reveal deeper insights from online discourse.

Traditional Social Listening Missing What Matters

Sentiment analysis, the backbone of most social listening, measures emotional tone
(positive/negative/neutral). This is easily tractable and produces clean metrics. However,
sentiment scores are often overly general and overlook important nuance:

User Influence: Who says something matters more than what's said. A positive
mention from a marginal account means less than criticism from an influential
voice. Traditional listening doesn't weight by influence systematically.

Community Dynamics: How different communities discuss brands matters
strategically. Are enthusiasts engaging critically or defensively? Are skeptics
organized orisolated? Traditional listening aggregates across communities and
overlooks group dynamics.

Evolving Narratives: What stories are being told about brands? How do narratives
and brand meaning evolve? Which narrative frames dominate? Traditional listening
identifies keywords but misses how word meanings and narratives shift.



These strategic dimensions remain invisible when analysis focuses on individual posts
rather than network structures. Network analysis addresses traditional listening
limitations by examining relationships rather than counting individual words. HDI employs
two network methodologies (Social Network Analysis and Semantic Network Analysis)
that together provide comprehensive brand intelligence.

1. Influence

Who says something
matters more than
what's said.

2. Community Dynamics

How different communities
discuss brands matters
strategically.

3. Evolving Narratives

What stories are being told
about brands? How do
narratives and brand
meaning evolve?

WHAT TRADITIONAL LISTENING MEASURES
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influential voice.

Traditional listening doesn’t
weight by influence systematically.

Aggregates across communities,
missing internal nuances.

Can'’t see how different groups
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Traditional listening overlooks
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Identify and weight by influence to
understand whose opinions shape
conversations and drive impact
across the network.

Not all voices carry the same weight.

Understand distinct communities, their
attitudes, tensions, and relationships.
Detect whether enthusiasts engage
critically or defensively, and whether
skeptics are organized or isolated.

Context within communities changes meaning.

Track narrative themes, frames, and
how their prevalence and sentiment
evolve over time. Understand the
stories that shape brand meaning.

Stories, not just words, drive perception.



Social Network Analysis: Understanding Communication Dynamics

Social network analysis examines relationships between users in online conversations.
Rather than treating posts independently, SNA maps who communicates with whom,
revealing influence structures and information flow patterns.

In social media contexts, networks are constructed where:

e Nodes represent users (accounts, individuals, organizations)
e Ties represent communication relationships (mentions, replies, retweets, shares)

e Tie weights reflect interaction frequency or strength

The remainder of this section will outline how analyzing these networks reveals critical
strategic insights.

Mapping Online Conversations using Social Network Analysis

HOW SOCIAL NETWORKS ARE CONSTRUCTED Example: Social Media Conversation Network
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Identifying Who Drives the Conversation

Traditional approaches focus on engagement metrics such as follower counts or number
of likes on a post. Social Network Analysis dives deeper into these metrics by tracking
engagement patterns between users and identifying where users are positioned within a
network. An account with 10,000 followers of mostly isolated users (e.g., bot accounts) is
less valuable than an account with 2,000 highly connected followers (e.g., being friends
with prominent community leaders or a celebrities) who amplify messages across multiple
communities. HDI uses centrality metrics to help you find strategic partners that align with
your campaign goals, which may not always be users with the highest follower counts.

Degree Centrality: Users with many ties. Unlike follower counts, this metricis
based on the number of actual interactions and mentions an account has with
unique users. High degree indicates extensive communication reach.

Betweenness Centrality: Users positioned on paths between others. High
betweenness indicates bridging roles. These accounts connect otherwise separate
communities and control information flow between groups.

Eigenvector Centrality: Users connected to other influential users. High
eigenvector indicates elite positioning—influence derived not just from many
connections but from connections to other influential voices.

Strategic Implications: An account with modest followers might have high betweenness
by bridging communities. An account with many followers might have low actual influence
if those followers don't engage or amplify content. Importantly, understanding influence
hierarchies enables strategic engagement. Which voices should partnerships target?
Which critics warrant response? Which supporters could amplify positive messages? SNA
provides evidence-based answers.

@ SOCIAL NETWORK ANALYSIS: IDENTIFYING TRUE INFLUENCE

SNA helps you find the right partners for campaigns, not just the biggest names using centrality metrics:
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Users with many connections.
High degree indicates extensive
communication reach—these accounts
interact with many others and
get mentioned frequently.

Users connected to other influential users.
High eigenvector indicates elite
positioning—influence derived not just
from many connections but from
connections to other influential voices.

Users positioned on paths between others.
High betweenness indicates bridging
roles—these accounts connect otherwise
separate communities and control
information flow between groups.
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Community Detection

HDI uses algorithms to identify online communities, which are defined as clusters of users
who interact with each other often. These communities can represent many user types,
including:

Brand enthusiasts who actively support and defend brands

Critic communities organized around skepticism or opposition

Professional communities (e.g., industry analysts, journalists)

Interest communities (e.g., sustainability advocates, technology enthusiasts)

Geographic communities (e.g., regional user groups)

Detecting these communities reveals how brand discourse fragments across groups with
different perspectives, priorities, and influence patterns. Communities may also express
different concerns and use different language and narratives when describing a brand.

SOCIAL NETWORK ANALYSIS: IDENTIFYING COMMUNITIES

opposition
PROFESSIONAL GEOGRAPHIC
COMMUNITIES ! COMMUNITIES
Industry \ Regional
analysts,

SNA algorithms identify communities, which are defined as
clusters of users who interact with each other often.

EXAMPLE: COMMUNITIES IN A SOCIAL NETWORK
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Strategic Implications: Messaging that resonates with Enthusiast communities might
alienate Critic communities. Content optimized for Professional communities might
miss Interest communities entirely. Understanding community structure enables
nuanced engagement rather than one-size-fits-all approaches.



Information Flow Mapping

SNA reveals how information spreads through networks. When content goes viral, which
paths does it follow? Which accounts amplify messages to new audiences? Where do
information cascades stall?

This flow analysis identifies:

e Amplification patterns: which types of accounts boost which types of content
e Bottlenecks: where information flow constricts, limiting spread
e Bridges: accounts connecting otherwise separate communities

e [Echo chambers: communities where information circulates internally without
reaching outside

THIS FLOW ANALYSIS IDENTIFIES:

AMPLIFICATION PATTERNS BOTTLENECKS BRIDGES ECHO CHAMBERS
‘ Which types of accounts Where information flow M Accounts connecting Communities where
boost which types of constricts, limiting otherwise separate information circulates
internally without

content. spread. communities.

reaching outside.
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Strategic Implications: Understanding information flow enables strategic content
distribution. Engage the Bridges to reach multiple communities. See where there are
Bottlenecks that limit positive message spread. Understand Echo chambers where
negative narratives might amplify without external context.



Semantic Network Analysis: Understanding Brand Meaning Structure

While social network analysis examines relationships between users, semantic network
analysis examines relationships between concepts in brand discourse. This reveals how
brand meaningis structured from collective understandings among users. See HDI’s
previous white paper on semantic networks for a more in-depth overview of this
methodology and its strategic use for survey research.

Semantic networks represent concepts as nodes and co-occurrences as edges:

e Nodes represent words or concepts from social media discourse
e Ties represent co-occurrence (concepts appearing together in posts)

e Tie weights reflect co-occurrence frequency

Words that are used together often form strong ties

PEPPER

Analyzing semantic networks reveals brand meaning architecture:

Central vs. Peripheral Associations

Not all brand associations carry equal weight. Semantic network centrality metrics
distinguish core brand meaning from peripheral mentions:

High Centrality Concepts: Connected to many other brand associations. These
are integrative ideas central to how consumers think about brands—the conceptual
core of brand identity.

Low Centrality Concepts: Mentioned but not well-connected to other
associations. These are peripheral to brand meaning despite appearingin
discourse.

The relationship between concepts is invisible in word frequency analysis (e.g., word
clouds). A concept might appear frequently but remain peripheral, indicating that it is not
integrated into brand meaning. Another concept might be mentioned moderately but have
high centrality, indicating it is core meaning for the brand.


https://www.hauptdatainsights.com/semanticnets

High Centrality Concepts Low Centrality Concepts

Connected to many other brand associations. These are Mentioned but not well-connected to other associations.
integrative ideas central to how consumers think about These are peripheral to brand meaning despite
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Strategic implications: Building on high-centrality concepts reinforces existing brand
meaning. Connecting low-centrality concepts to the core integrates peripheral
associations. Understanding these centrality patterns guides positioning strategy.

Associative Clusters

Semantic network clustering reveals thematic structure in brand associations. Community
detection algorithms identify concept clusters, which are groups of tightly interconnected
ideas.

Strong brands often show multiple distinct clusters representing different brand facets. A
technology brand might have separate clusters around "innovation," "reliability," and "user
experience," each with associated concepts. These clusters reveal how consumers
organize multifaceted brand identities. Weak or unfocused brands show fragmented
semantic networks without clear clustering, which indicates scattered associations that
don't cohere into meaningful themes.

Cluster analysis also reveals unexpected associations. Concepts that cluster togetherin
consumer minds despite not appearing together in brand communications indicate
organic brand perceptions that may differ from intended positioning.
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How Network Approaches Work Together

Social Network Analysis and Semantic Network Analysis provide complementary
intelligence. Combining them reveals comprehensive insights into brand perception
across social media discourse:

Identifying Influential Brand Narratives

Which brand narratives gain traction depends on both content (semantic networks) and
communication patterns (social networks).

Semantic Networks: Reveals what narratives exist, how concepts cluster together,
and core ideas associated with a brand.

Social Networks: Reveals how narratives spread—which communities adopt which
narratives, which influencers amplify which stories, and how narratives flow
through communication networks.

Integration shows not just what brand meanings exist but which ones propagate
effectively. Some associations might be common in discourse but confined to specific
communities. Others associations may reflect emerging narratives that are starting to
spread rapidly through influential users. This combined intelligence enables targeted
campaigns that align messaging with relevant audiences.

SR SEMANTIC ANALYSIS: WHAT NARRATIVES EXIST mesRE  SOCIAL ANALYSIS: HOW NARRATIVES SPREAD

Reveals what narratives exist—which concepts cluster together, Reveals how narratives spread—which communities adopt
what associative structures characterize brand discourse. which narratives, which influencers amplify which stories,
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Mapping Community-Specific Brand Perceptions

Communities can perceive brands differently. Network integration reveals these
differences:

Social Networks: |dentifies distinct user communities in brand discourse.

Semantic Networks: Constructs separate semantic networks for each community,
revealing how brand meaning differs across groups.

This combination shows whether your brand means the same thing to different
communities or whether brand associations diverge dramatically. You might discover that
Enthusiast communities have tightly integrated brand meaning around innovation
concepts, while Skeptic communities have equally coherent meaning around reliability
concerns. Professional communities might organize brand understanding around
technical capabilities while consumer communities focus on user experience.
Understanding community-specific semantic structures enables targeted positioning
rather than assuming brand meaning is uniform across audiences.

Social Networks:
Identifies distinct communities in brand discourse.

Semantic Networks:
Constructs separate semantic networks for each community,
revealing how brand meaning structure differs across groups.

Enthusiast Community Professional Community Skeptic Community
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Tracking How Brand Meaning Evolves
Analyzing network evolution over time reveals brand meaning dynamics:

Semantic Networks Over Time: Show how brand associations change—which

concepts become more central, which clusters emerge or dissolve, whether
semantic coherence increases or decreases.

Social Networks Over Time: Show how community structure evolves—which

influencers gain or lose prominence, how communities reorganize, whether new
communities emerge.

Together, these reveal how brand perception evolves and what drives changes. Rising
centrality of certain concepts might correlate with specific influencer activity. Fragmented
brand meaning might accompany community polarization that can be seen in how the
social network evolves. This temporal analysis enables early detection of perception shifts

and understanding of what drives them, which offers more strategic value than static
shapshots.

Tracking How Brand Meaning Evolves
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Strategic Applications: Network Insights in Action

Network analysis transforms social listening from monitoring to strategic intelligence. Here
are key applications:

Influencer Strategy Based on Network Position

Traditional influencer identification relies on follower counts. Network analysis reveals
actualinfluence through centrality metrics and community positions:

e High-betweenness accounts that bridge communities—valuable for reaching
multiple types of audiences

e Community leaders with high centrality within specific groups—valuable for
targeted engagement

e Amplifiers who consistently share and boost content—valuable for extending reach

Rather than blanket partnerships with high-follower accounts, network-informed strategy
engages voices based on structural positions aligned with communication objectives.
Reaching multiple communities? Target bridges. Building credibility within specific
groups? Target community leaders. Maximizing amplification? Target proven sharers.

Influencer Strategy Based on Network Position

Traditional influencer identification relies on follower counts.
Network analysis reveals actual influence through centrality metrics and community positions.

,, A Network-informed strategy identifies
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Crisis Detection and Response

Negative sentiment can escalate rapidly in digital environments. Effective social listening
provides early warning systems that detect potential issues before they evolve into full-
blown crises:

Social Network Signals: Unusual clustering activity, rapid growth of critic
communities, influential voices shifting positions, information cascades following
concerning narratives.

Semantic Network Signals: Negative concepts increasing in centrality, concerning
clusters forming, semantic coherence degrading in problematic directions.

These network signals appear while crises are still manageable. This includes situations
when negative narratives are emerging but haven't yet spread widely or when critic
communities are organizing but haven't yet reached critical mass.

Response strategy also benefits from network intelligence. Which influencers should
receive proactive outreach? Which communities need targeted communication? Are there
bridge users who can carry the story to mainstream communities? What semantic
associations need reinforcement? By mapping these pathways, you can assess risk and
respond strategically—whether that means direct engagement, preparing for broader
outreach, or monitoring quietly.

Social Network Signals Semantic Network Signals
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Campaign Strategy and Optimization

After launching a campaign, network analysis can track how your message spreads and
evolves, helping marketing teams optimize content strategies and improve campaign ROL.
Did it reach beyond your existing followers? Which influencers or organic users amplified
it? Did it jump from one platform to another, and through which bridge accounts?

Network analysis informs campaign strategy pre-launch and measures effectiveness post-
launch:

Pre-Campaign: Semantic networks reveal which concepts have high centrality
(leverage existing strong associations) versus which are peripheral (require
integration not just mention). Social networks reveal which communities and
influencers should be engagement targets.

During Campaign: Monitor how networks evolve in response to campaign activity.
Is social engagement following predicted patterns? Are targeted influencers
amplifying messages? Are desired semantic associations increasing in centrality?

Post-Campaign: Compare pre- and post-campaign networks. Did semantic
structure shift in intended directions? Did community engagement patterns
change? Which aspects of the campaign went viral versus which remained
confined?

This intelligence helps you refine future campaigns and understand which partnerships or
content types generate genuine momentum.

Semantic Analysis Social Analysis
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HDI's Network Approach to Social Listening

Gaining actionable insights from large scale conversations requires expertise spanning
multiple specialties. HDI combines anthropological understanding and data science
analytics through a strategic lens to target what matters in the chaos of online discourse.

Experts in Human Networks

HDI analyzes online networks using perspectives from anthropology and psychology. Our
team consists of trained social scientists who specialize in data science approaches,
bringing ethnographic depth when examining digital conversations. We bring essential
contextual understanding to the data, distinguish genuine signal from noise, identify
emerging narratives that algorithms might miss, and translate findings into strategic
recommendations grounded in culturalinsight.

Traditional qualitative methods offer unparalleled depth but limited scale, as insights are
typically based on small groups. Social media monitoring provides vast scale, but often
misses implicit meanings that require contextual understanding to detect. Algorithms
alone cannot fully capture the complexity of human communication in real time. Sarcasm,
cultural context, industry-specific terminology, and subtle narrative shifts are often
overlooked without human interpretation. Accounting for social context is necessary to
ensure insights reflect the actual lived experience and cultural reality of people rather than
statistical artifacts, and that recommendations align with your organization's strategic
objectives.

HDI bridges the gap between quantitative and qualitative methodologies, delivering in-
depth insights across millions of conversations. This unique combination delivers big data
insights deeply rooted in understanding of online social dynamics. In other words, you
receive the deep cultural perspective of an anthropologist combined with the
computational power of data science.

Unbiased Analysis You Can Trust

A critical consideration when selecting a social listening partner is objectivity. Social
media platforms have inherent incentives to demonstrate positive returns on advertising
investments. Their native analytics tools may present data in ways that encourage
continued or increased ad spending, potentially obscuring genuine performance
challenges.

HDI operates independently from social media platforms. We have no vested interest in
your advertising decisions beyond ensuring you receive accurate insights. Our analyses
reflect reality—positive or negative—providing the honest assessment necessary for sound
strategic decision-making. When we identify issues, we present them clearly alongside



actionable recommendations forimprovement. When we highlight successes, you can
trust that they represent genuine market performance.

This objectivity proves especially valuable when evaluating the effectiveness of social
media campaigns, assessing whether platform spending delivers genuine brand value, and
making data-driven decisions about resource allocation across channels.

HDVP’s Process: From Data to Strategic Intelligence
HDI's network-based social listening follows a systematic process:

Platform Selection and Monitoring: We identify relevant social media platforms based on
where brand discourse actually occurs. Monitoring captures posts, interactions, and
engagement data across selected platforms.

Data Processing and Cleaning: Raw social media data requires extensive processing—
removing spam, identifying bots, standardizing terminology, structuring for network
analysis. This preprocessing is essential for valid analysis.

Network Construction: We construct both social networks (user relationships) and
semantic networks (concept relationships) using appropriate methods for each.
Construction decisions reflect research questions and platform characteristics.

Network Analysis: We calculate relevant metrics—centrality measures, community
detection, density analysis, temporal evolution tracking. Analysis focuses on strategic
guestions rather than generating comprehensive metrics.

Anthropological Interpretation: Our team interprets network structures using cultural
understanding of platform dynamics and discourse patterns. This ensures findings reflect
actual social and semantic meaning.

Competitive Benchmarking: When relevant, we construct networks for competitor
brands and systematically compare structures, revealing relative positioning and
differentiation opportunities.

Strategic Reporting: We translate network findings into strategic recommendations—
influencer engagement priorities, positioning guidance, campaign strategy, crisis
monitoring indicators. Decision-makers receive actionable intelligence, not just network
visualizations.

Timeline varies based on scope—ongoing monitoring enables continuous network analysis
while focused studies can be completed in 4-6 weeks.
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Conclusion: From Monitoring to Intelligence

The digital conversations happening around your brand represent an invaluable and
underutilized strategic asset, making social listening essential for brand management.
However, traditional approaches provide limited strategic value. Counting mentions,
calculating sentiment, and identifying trending keywords describe surface phenomena
without revealing underlying dynamics that actually determine brand perception and
influence.

Network analysis transforms social listening by examining communication dynamics
rather than counting mentions. Social network analysis reveals who influences brand
perception, how communities organize, and how information flows through digital
ecosystems. Semantic network analysis reveals how brand meaning is structured in
consumer cognition, which associations are central versus peripheral, and whether brand
identity is coherent or fragmented.

Together, these network approaches generate strategic intelligence traditional listening
cannot provide. You understand not just what's being said but who's saying it to whom and
with what impact. You know not just which brand associations exist but how they are
organized in people’s minds and whether brands form integrated meaning or scattered
fragments.

Thisintelligence enables evidence-based strategy rather than guesswork. Influencer
engagement targets network positions rather than follower counts. Crisis detection
identifies structural signals before problems become obvious. Campaign measurement
tracks whether brand meaning structure actually shifts rather than just mention volume. In
general, social listening should provide strategic insights, not just monitoring. HDI’s
network approach makes that possible.

About Haupt Data Insights

Haupt Data Insights specializes in network-based social listening that transforms brand
monitoring into strategic intelligence. Our interdisciplinary team combines anthropological
expertise in digital culture, network science capabilities for rigorous analysis, and strategic
interpretation that generates actionable insights. We employ both social network analysis
(examining communication dynamics between users) and semantic network analysis
(examining brand meaning structure) to provide comprehensive brand intelligence
traditional listening approaches cannot deliver.

We offer integrated solutions spanning social listening, survey research, conjoint analysis,
semantic networks, and custom Al development—enabling comprehensive understanding
of brand representation across all consumer touchpoints.

Contact HDI to discuss how network-based social listening can provide strategic
intelligence beyond traditional mention monitoring. Visit hauptdatainsights.com or email
Michael@hauptdatainsights.com.
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